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Abstract 

Substance use (SU) affects many people worldwide and is an important public health concern. 

Personality has been theorized to play a crucial role in the development and maintenance of SU. 

To test how personality is related to patterns of SU, a latent profile analysis was used to cluster 

individuals into SU classes with multinomial logistic regression used to test the relationship 

between personality and patterns of SU. Results suggested that polysubstance use was common, 

with variations in primary substance of choice among classes. As classes became more inclusive 

of more substances, they increased in psychopathological personality traits. Higher domains of 

personality traits were used to predict the classes while the least severe SU class was used as a 

referent. Results indicated that each domain of personality and facet level traits had an effect on 

the SU classes. Facet level traits are more so affected when considering levels of polysubstance 

use.  
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Chapter 1 

Introduction 

Substance use disorders (SUD) affect many people worldwide and there are a multitude 

of negative consequences of heavy substance use (SU; World Health Organization, 2004). For 

instance, heavy SU takes a toll on physical, mental, and intrapersonal health, as well as being a 

common cause of mortality (National Institute on Drug Abuse, 2017). SUDs are damaging not 

only to the individual, but also to family, friends, and society at large (NIDA, 2017). There is a 

large literature linking personality traits to heavy SU as well as SUD (McCormick, et. al, 1998; 

Allen, et. al, 1998). However, this literature is limited by not clearly determining if personality 

traits predict patterns of drug use.  Understanding specific traits that contribute or predispose an 

individual to developing specific patterns of substance use and SUD has the potential to improve 

etiological and prevention models of SU and SUD.  

 The idea that temperament and personality traits predispose individuals to SU and SUD is 

not a new idea (e.g., Cloninger, Svrakic, & Przybeck, 1993; Caspi, et. al, 2014). Researchers 

have used a variety of different personality theories and measures to assess the relationship, such 

as the Schedule for Nonadaptive and Adaptive Personality (SNAP; Clark, et. al, 2014), the 

Temperament and Character Inventory (TCI; Milivojevic, et. al, 2012), and the NEO-Personality 

Inventory (NEO-PI; McCormick et al., 1998), to name a few. Complicating matters further, there 

are personality theories that are specific to SU and SUD (Cloninger, 1987; Eysenck, 1997; 

Widiger & Smith, 1994; Suh, et. al, 2008); some personality theories overlap (Calabrese, et. al, 

2012); and some general conclusions concerning SU and SUD cut across perspectives. For 

instance, impulsivity, sensation seeking, and risk taking have been implicated as predictors of 

substance use (deWit, 2009; Tarter, 2002; Tarter, et. al, 2003; Evren & Bozkurt, 2016) as well as 
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risk factors for the development of SUDs (LeBon, et. al, 2004; Dawe, Gullo, & Loxton, 2004; 

Gullo, Loxton, & Dawe., 2014; Nigg, et. al, 2006). Some authors argue that sensation-seeking 

and disinhibition are components of impulsivity. For instance, some researchers consider 

impulsivity as two dimensions, namely sensitivity to reward and disinhibition (rash impulsivity), 

both of which are related to high approach in risky situations (Gullo, et. al, 2014). Individuals 

who are high on impulsivity or who lack inhibitory control, often act without reflection of 

consequence (Colder & Chassin, 1997). Evidence links impulsive behaviors to many 

components of SUD, including onset, maintenance, and relapse (Evren, et al., 2016). Novelty 

seeking or sensation seeking refers to an individual’s tendency to seek out or pursue exciting and 

rewarding activities (Gullo, et al., 2014). Those low on harm-avoidance (fear or anxiety of 

danger or consequence) and reward dependence (attachment, social rewards) are also at an 

elevated risk for later SUDs (Cloninger, 1988). Furthermore, studies using the five-factor model 

of personality have compared individuals with SUDs to healthy controls and found that 

individuals with SUDs tend to be higher in neuroticism (individual differences of negative 

responses to threat, frustration, or loss), as well as lower in openness (willingness to explore new 

ideas or try new things; McCormick et al., 1998). In addition, individuals with SUDs tend to be 

lower on agreeableness (how cooperative or compassionate an individual is) and 

conscientiousness (how organized, dependable, or diligent an individual is; McCormick et al., 

1998). 

Reviews of the current literature have argued that specific drugs are linked to certain 

traits (LeBon, et al., 2004; Milivojevic, et al., 2012; Conway, et. al, 2002; Conway, et. al, 2003; 

Schneider, et. al, 2015). Data has supported that opioid users are higher in novelty seeking and 

self-transcendence (how individuals perceive themselves as part of the world), but lower in self 
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directedness (how responsible, reliable, self-confident a person is) when compared to individuals 

diagnosed with alcohol use disorder and healthy control groups (Milivojevic, et al., 2012 ; 

Zaaijer, et. al, 2014; LeBon, et al., 2004; Cohen, et. al, 2005). In the case of alcohol use, 

individuals were higher on harm avoidance than the opioid users, and also higher in novelty 

seeking and self-transcendence when compared to healthy controls (Milivojevic, et al., 2012; 

LeBon, et al., 2004). Cocaine and other stimulant users tend to score higher in impulsivity when 

compared to healthy controls, alcohol users, and marijuana users. When compared to healthy 

controls, cocaine and other stimulant users were also higher in sensation seeking (Conway et al., 

2002; Conway, et al., 2003; Ersche, et. al, 2010; Ersche, et. al, 2012; Ersche, et. al, 2013). 

Finally, the literature is mixed when considering polysubstance use (PS; Conway et al., 2002; 

Conway et al., 2003). Severity of use appears to play a role in certain traits being higher (novelty 

seeking, sensation seeking; Ball, Carroll, & Rousaville, 1994) and lower (self-directedness, self-

transcendence), although even these results were varied to some degree (Wu, et. al, 2011; 

Conway et al., 2002; Conway et al., 2003).  

Interestingly, previous studies have only compared a few substances or compared users 

with a specific diagnosis to healthy controls, so it is challenging to infer how differences or 

similarities would present when considering a variety of substances and their co-use. Currently, 

most studies compare arbitrary subsets of substances. For example, Milivojevic, et al.(2012) and 

Le Bon, et al. (2004) both compared alcohol and opioid groups to healthy controls, Conway, et 

al. (2003) and Wang, Wang, & Chen (2017) included alcohol, stimulants, and opiates in their 

research, and then in other cases, there were studies comparing users and non-users of a 

substance or substances (Ershe, et al. 2010; Hopwood et al., 2011). There are even studies 

investigating substances such as opiates (Zaaijer et al., 2014) or cocaine (Ersche et al., 2013) that 
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compared recreational users who did not develop a SUD to those who did. In these cases, there 

were only specific substances considered, which omits comparing results from a wide variety of 

substances in the same study. Complicating matters further, individuals with rarer SUDs such as 

cocaine and opiate use disorder often display high levels of alcohol, tobacco, and marijuana use 

(Agrawal, et. al, 2007; Wu, et al., 2011). Although many studies have considered how traits were 

related to various substances, no research has considered traits in conjunction with patterns of 

SU while considering a comprehensive set of the most and least used substances. This 

investigation aims to ascertain if risky traits are linked to specific patterns of SU. 

Personality 

There are many measures of personality and many theories of personality undergird these 

measures. Many of the current models, such as the NEO-I five-factor model are based on 

nonpathological personality traits (Simms, et. al, 2010). The NEO-I measures personality using 

the higher order “Big-Five” factors of neuroticism, extraversion, openness, conscientiousness, 

and agreeableness. Although used frequently, the NEO-I does not capture pathological 

personality at the facet level (Wright & Simms, 2014). Most of the NEO-I maladaptive factors 

are included in the neuroticism domain. This is problematic given the heterogeneous nature of 

personality pathology. Considering pathology across all domains within a broader dimensional 

framework may advance the literature.  

Other models have proposed measuring personality from a bottom up approach, where 

the lower order factors are used to determine the higher order domains. For instance, the SNAP-2 

considers the three broad domains of negative affectivity, positive affectivity, and disinhibition 

vs. constraint by assessing trait dimensions of those domains (Vanderbleek & Clark, 2017). The 

higher-order factors of personality found in the SNAP are similar to Eysneck’s “Big-Three” 
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structure (Vanderbleek & Clark, 2017). The SNAP-2 is used to assess personality traits from 

normal to pathological (Clark & Vanderbleek, 2016) and does so by allowing the lower order 

traits to inform the latent personality constructs. Similar to the SNAP, the Computerized 

Adaptive Test of Personality Disorder (CAT-PD), which was developed by Simms, et. al (2011), 

also uses a dimensional approach to assess personality. The CAT-PD was designed to identify 

comprehensive and integrative lower and higher order personality traits of personality pathology 

in an efficient computerized test (Simms et. al, 2011). The CAT-PD has strong convergence with 

the DSM-5’s section III PD model (PID-5) and through hierarchical analyses has shown the 

benefits of using a measure of broad dimensions to assess normative and pathological 

functioning (Wright & Simms, 2014). The current study will utilize the CAT-PD to test the 

relationship between traits and substance use patterns.  

Substance Use 

As mentioned previously, individuals endorsing SU and SUD symptoms are likely to be high on 

some traits and/or low on others when compared to healthy controls. For instance, it is likely that 

any SU will coincide with higher novelty/sensation seeking, impulsivity, and disinhibition. As 

the number of substances and level of SU increases, more extreme deviations in observed 

personality traits, as well as a larger number of differences is expected.  

In previous large epidemiological studies, latent class analysis (LCA) has been used to assess 

patterns of individual SU and polysubstance use (Agrawal et.al, 2007; Smith et. al, 2011; Quek 

et. al, 2013). There are similarities and differences in pattern groupings among substance using 

individuals. For instance, Agrawal et. al (2007), found five classes of SU and SUD; no substance 

use (class 1), cannabis (class 2), stimulants and hallucinogens (class 3), prescription drugs (class 

4), and high PS use (class 5). Quek et. al (2013) also found five classes; alcohol only (class 1), 
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alcohol and tobacco (class 2), cannabis, ecstasy, and licit (legal) drugs (class 3), cannabis, 

amphetamine derivatives, and licit drugs (class 4), and sedatives and alcohol (class 5). When 

Smith et. al (2011) investigated SU in Great Britain, they found three classes, which consisted of 

a wide range polydrug use (class 1), moderate range polydrug use (class 2), and mild/no 

polydrug use (class 3).  

Class structures suggest that there is more PS use than indicated by the class labels. In most 

cases, as the amount of substances increases, so does the variability in SU. For example, the 

labels in Agrawal et. al (2007) included certain substances, but individuals within these classes 

also had high or moderate probabilities of other substance use in each class. This is also true of 

Quek et. al (2013), with a specific example being class 5 (sedative and alcohol), which also 

included moderate to high probabilities of tobacco, cannabis, ecstasy, and pain killers. Therefore, 

it is important to recognize that labels given to classes were not fully inclusive of all SU 

endorsements within the classes. Furthermore, the Smith et al. (2011) study found classes of PS 

use that varied in severity. The pattern of findings suggests that prior research comparing 

specific substances on traits may be biased by ignoring substances that have a strong correlation 

with other substances or by creating groups of individuals with SUDs that are not reflective of 

patterns of SU in the overall population. Although prior work has considered patterns of drug use 

using LCA and other work has considered how personality is related to specific drugs, no 

research has considered how pathologically personality traits relate to drug use patterns when 

considering many of the more commonly (e.g., caffeine and alcohol) and less commonly 

(cocaine and opiates) used drugs. The current study will fill this critical gap in the literature.  
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Chapter 2 

Present study 

The current study used Latent Profile Analysis (LPA) to model patterns of SU across nine 

substances: nicotine, caffeine, alcohol, cannabis, cocaine, benzodiazepines, stimulants, opioids, 

and hallucinogens. The CAT-PD was then used to measure personality and to predict the classes 

of drug use. First, the five higher order personality factors were used to predict the classes. 

Second, specific facet level personality traits were then used to predict the classes. The first 

prediction was that LPA would reveal groups consistent with previous research of Quek, et al. 

(2013) and Agrawal, et. al, (2007), that show more use of licit substances (nicotine, alcohol, and 

caffeine), which were assumed to span across many, if not most classes. Similar to what Connor, 

et. al (2014) found, it was expected that groups would cluster together starting with more socially 

accepted substances such as alcohol, with clusters of drugs increasing, such as alcohol and 

marijuana, then alcohol, marijuana, and cocaine/other stimulants. As substances increase in 

clusters, clusters that contain opioids are expected to also include cocaine and stimulants, as well 

as marijuana and other illicit and licit substances. Another prediction was that as groups became 

more inclusive of higher PS use, severity of personality traits would increase (Ball et al. 1994; 

Conway et al. 2002; Conway et al. 2003). Groups containing primarily licit SU were expected to 

endorse less pathological personality traits, and maladaptive traits would increase as does the 

poly-use of illicit substances, which is consistent with high comorbidity of psychopathology 

(Conner, et. al, 2014) and personality disorders with SUDs (Verheul, 2001; Williams, Scalco, & 

Simms, 2017).  

Remaining hypotheses included facet level traits from the CAT-PD which map on to the 

prior literature reviewed on personality and SU and SUD. Also predicted, groups of licit SU 
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would only be high on the facet level trait of anxiousness (similar to high harm avoidance of 

TCI; Milivojevic, et al., 2012; LeBon, et al., 2004), which may act as a protective factor against 

illicit SU. In addition, it was hypothesized that LCA groups containing more illicit SU (cocaine, 

opioids, stimulants), would endorse more CAT-PD subscale items such as norm violation (low 

conscientiousness; McCormick et al., 1998) and impulsivity, including poor disinhibition (de 

Wit, 2009) and sensation seeking or novelty seeking (Milivojevic, et al., 2012). Specifically, 

facets of disinhibition (non-planfulness, irresponsibility, non-perseverance; Wright & Simms, 

2014), thrill seeking (risk taking) as well as affect (affective lability, anger, anxiousness, 

depressiveness, mistrust, rigidity, anhedonia; Wright & Simms, 2014) were expected to be 

related to severity of PS use. That is, we expected larger deviations in these traits for classes with 

higher PS use. Higher levels of affective lability, irresponsibility, non-perseverance, non-

planfulness, norm violation, and risk taking, and lower levels of anxiousness were expected to be 

related to classes with higher levels of PS  use when compared to classes with less PS use. 

Method 

Participants and Procedures 

Participants were recruited through Amazon’s online platform known as Mechanical 

Turk (MTurk). Self-report questionnaires were administered via MTurk and participants were 

compensated $9.00 for their time (N= 1842, 57.5% were male, 74% of Caucasian race, 44% 

reported Bachelor level education, 25% indicated an income level of $36k-$56k). A modified 

timeline follow-back was used to assess SU and the Computerized Adaptive Test-Personality 

Disorder (CAT-PD) was used to assess personality. The current study comes from a larger 

project assessing the utility of a new measure of alcohol use disorder. The current study focuses 

on SU and personality measures taken from the larger study. This includes demographic 
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information, a timeline follow-back to assess frequency and levels of use, as well as the CAT-PD 

to assess personality. 

To ensure validity of the MTurk platform for this study, precautions such as “recaptchas” 

and grammar questions were utilized to protect against automated computer programs (“bots”). 

Attempts to complete the online survey would be terminated if these questions were missed. 

Other features, such as validity questions were also used to protect against response bias. 

Substance Use measures 

SU questions were asked about nicotine, caffeine, alcohol, marijuana, benzodiazepines, 

cocaine, stimulants, opioids, and psychedelics. A modified timeline follow back was also given 

to assess the quantity and frequency of SU in the past 3 months, with prompts such as “ Try to 

remember as accurately as you can, how much you typically drank alcohol in a week during that 

90-day period. For each day of the week in the chart below, fill in the average number of drinks 

typically consumed on that day in the box.” Follow up questions assessed whether quantity and 

frequency estimates over the past three months were indicative of quantity and frequency 

estimates over the last year (e.g., “How typical was your drinking in the last 90 days relative to 

the last year?”). These items were used to create a past year quantity and frequency measure for 

each class of substances. The Timeline Followback (TLFB) has been found to be a highly 

reliable self-report measure of SU (Robinson, et. al, 2014).   

Personality measure 

The CAT-PD (Simms, et al. 2011) is a 246-item questionnaire used to measure 

personality. The CAT-PD consists of 33 facet level scales used to indicate the five latent 

domains of negative emotionality, detachment, antagonism, disconstraint, and psychoticism. 

Each facet scale has between 5 – 10 items measured on a five-point scale of 1 (very untrue of 
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me) to 5 (very true of me). The average of participants’ responses will be taken to determine 

each participant’s score on each trait. The CAT-PD has been found to have convergent validity 

with the Personality Inventory for the DSM-5 (PID-5), but also taps into traits not measured by 

the PID-5 (Crego & Widiger, 2016) and has demonstrated a median alpha of 0.83 for the 

community sample and 0.85 for the patient sample (Wright & Simms, 2014).  

Data analyses 

Statistical analyses were completed using Mplus Version 8.3 and involved several stages. 

First, a latent profile analysis (LPA) was conducted on the quantity and frequency measures of 

SU to assess patterns of SU across all measured drugs. The number of classes to extract were 

determined by considering the Akaike, Bayesian, and sample size adjust Bayesian Information 

Criteria (AIC, BIC, ABIC; lower values being a better fit), as well as entropy, N of classes, the 

Lo-Mendel-Rubin (LMR) test, and the bootstrapped likelihood ratio test (BLRT) (Muthen, 2004; 

Lo, Mendell,& Rubin, 2001). After the number of classes to extract was determined, both higher 

order domain and facet level traits from the CAT-PD were used to predict the latent classes in 

separate analyses, using the 3-step method (Vermunt, 2010). Odds ratios were calculated for 

effect size (OR= 1, no effect; small OR> 1.5; moderate OR > 2.5; and large OR> 4.3).  

The advantage of using the 3-step method is that it constrains classes from the LPA, so 

that the classes remain stable when adding the personality predictors. The three-step approach 

involved running a multinomial logistic regression analysis that assessed the effect of the traits 

on each class of drug use. The “low/no-use” class was used as the referent in all multinomial 

logistic regression analyses.  
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Results 

The nine indicators used to determine substance use patterns were caffeine, alcohol, cannabis, 

nicotine, hallucinogens, benzodiazepines, opioids, cocaine, and stimulants, each of which had 

factor scores with a mean of 0 and SD of 1. An LPA was performed to assess the number of 

classes to be extracted based upon patterns of indicated use. Means were freely estimated within 

classes, but across classes the variance was constrained to be the same. Two through nine class 

models were estimated. More than 9 classes were not estimated due to small class proportions in 

the 9-class model, with the smallest being .82% of the sample size or (n = 15). Model fit 

statistics for the two through nine class solutions can be found in Table 1, with emphasis on the 

six, seven, and eight class models. The AIC, BIC, and ABIC continued to decrease in each 

model and the entropy only dropped to 0.998 in the 7-class and higher models, but according to 

both the LMR and VLMR, the 6-class model was not a significantly better model than the 5-

class, just as the 5-class was not significant when comparing to the 4-class. Nonetheless, the 

BLRT was significant suggesting some evidence that the six-, seven-, and eight-class solutions 

did improve model fit. An interesting observation after extracting the seventh class was how 

class proportions changed compared to the 6-class model. In the 7-class model, a class with 

pronounced nicotine predominate/licit substance use consisting of 18% of the sample (n=331) 

split from the larger no/little use class which was 87% (n=1597) of the sample in the 6-class 

solution. In the 7-class model, the little/no use class became 69% (n=1266) of the sample after 

extracting the nicotine class in the seven-class solution. When extracting an additional eighth 

class, there was yet another interesting change, as it became apparent that there was a cocaine 

predominate/moderate poly-substance use class consisting of 1% of the sample (n=18). Prior to 

the extraction of the additional eighth class, the cocaine predominate class was included with the 
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Table 1  

Fit Statistics for the Latent Class Analysis  

 

  

 

Note: AIC = Akaike Information Criterion, BIC = Bayesian Information Criterion, ABIC = Akaike’s Bayesian Information Criterion,  

 

LMR = Lo-Mendell Rubin difference test, BLRT = Bayesian Likelihood Ratio Test, *  = indicates statistical significance (p < .05). 

 

  

 

Classes AIC BIC ABIC Entropy Class Size (%) LMR VLMR BLRT 

2 28664.38 28818.81 28729.85 0.999 13,87 17982.51* 18221.78* 18221.78* 

3 23339.61 23549.19 23428.47 0.999 4,9,87 5274.58* 5344.77* 5344.77* 

4 19572.45 19837.19 19684.7 0.999 4,4,5,87 3737.43* 3787.16* 3787.16* 

5 17139.3 17459.19 17274.92 0.999 2,3,4,4,87 2420.94 2453.16 2453.16* 

6 14272.64 14647.69 14431.65 0.999 2,2,2,3,4,87 2848.75 2886.65 2886.65* 

7 12739.28 13169.48 12921.67 0.998 2,2,2,3,4,18,69 1532.96* 1553.36* 1553.36* 

8 11162.45 11647.8 11368.22 0.998 1,2,2,2,2,4,18,69 1541.91* 1562.42* 1562.42* 

9 9881.85 10422.35 10111.01 0.998 .82,1,2,2,2,2,4,18,69 1283.52 1300.6 1300.6* 
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hallucinogen predominate class, which was a hallucinogen/cocaine class. The division between 

the cocaine predominate and hallucinogen predominate using classes were not seen in previous 

analyses prior to the 8-class model and accounted for 2.5% of the sample in both the 6-class and 

7-class models. The 8-class solution was chosen as the final model based on the AIC, BIC, and 

ABIC being lowest with appropriate class size proportions, the significance of the BLRT, and the 

interpretability of the model.  

As the plot of the latent class structure in Figure 1 shows, there is variability in patterns 

of co-substance use. As expected, there was a no/little use class (n = 1266, 69% of sample). 

There was also a high poly-substance (PS) use class (n = 34, 2 % of sample), which is higher 

than all other classes in illicit substance use, but also had high licit SU with the exception of 

caffeine. There were other classes with differing patterns of poly substance use, with many being 

predominately high in one particular substance as indicated by the greatest SD above the mean, 

but also including different degrees and severity of other substance use, which were relatively 

high throughout. For instance, there was a predominate nicotine/licit substance use class (n = 

331, 18% of sample), a predominate benzodiazepine/low overall PS class (n = 78, 4% of 

sample), a hallucinogen predominate/low illicit PS use class (n = 30, 2% of sample), a stimulant 

predominate/moderate illicit PS use class (n = 38, 2% of sample), a cocaine 

predominate/moderate illicit PS class (n = 18, 1% of sample), and an opioid 

predominate/moderate illicit PS use class (n = 41, 2% of sample). There was less class 

differentiation in licit substance use, such as caffeine, alcohol, nicotine, and somewhat with 

cannabis, for which legality varies based on geographic region of the United States. Illicit 

substances had greater variability among the classes and show that PS use is high for most of the 

classes which involved illicit drugs. 
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Figure 1  

Plot of Mean Structure for Each Latent Class from the Final 8-Class Model of Drug Use Patterns 

 

 
 

Note: Y-axis reflects factor scores from latent variable model in which typical and heavy quantity x frequency indices were used as 

indicators of each drug use latent factor. Caf = caffeine, Alc = alcohol, Can = cannabis, Cig = tobacco, Hal = hallucinogens, Ben = 

benzodiazepine, Opi = opioids, Coc = cocaine, and Me = stimulants.  
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Table 2 shows odds ratios for how the higher order personality trait domains of negative affect, 

antagonism, disinhibition, detachment, and psychoticism predict each of the classes. The referent 

used in the analyses was the little/no use group. Age and gender were adjusted in each 

regression. Results for age and gender are located in the appendix (see Table A1).  Disinhibition 

was related to higher likelihood of being in the nicotine predominate class, but higher 

psychoticism was related to higher likelihood of being in the little/no use class. Effect sizes were  

below Cohen’s lower bound for a small effect. Higher antagonism was related to higher 

likelihood of being in the cocaine predominate class, with higher detachment being related to 

higher likelihood of being in the little/no use class. Both were associated with small effect size 

with detachment being below Cohen’s lower bound for a small effect. The hallucinogen 

predominate class was not different than the no/low use class. Higher negative affect and 

disinhibition were related to higher likelihood of being in the opioid predominate class with 

small effect size for both traits. However, results show that higher psychoticism was related to 

higher likelihood of being in the little/no use class. Higher negative affect was related to higher 

likelihood of being in the benzodiazepine predominate class with small effect size for negative 

affect but also showed that higher detachment was related to higher likelihood of being in the 

little/no use class. Higher negative affect was related to higher likelihood of being in the 

stimulant predominate class, with a small effect size, but higher psychoticism was related to 

higher likelihood of being in the little/no use class with a small effect size. High antagonism and 

psychoticism were related to higher likelihood of being in the high poly-substance use class with 

small effect sizes. High disinhibition was related to higher likelihood of being in high PS use 

class with a  moderate effect size. 
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Table 2 

Odds Ratios for Higher Order Domains of Negative Affect, Antagonism, Disinhibition, Detachment, and Psychoticism Predicting 

Classes 

 

 

 

Note: NA = Negative Affect, ANTAG = Antagonism, DISIN = Disinhibition,  DETACH = Detachment, PSYCHO = Psychoticism.   

 * = Indicates significance. Values in table are odds ratios.  Criteria for significance was p <.05. 

 

Nicotine 

predominate/ 

licit PS 

Benzodiazepine 

predominate/ 

low PS(all) 

Hallucinogen 

predominate/ 

Low illicit PS 

Stimulant 

predominate/ 

moderate 

illicit PS 

Cocaine 

predominate/ 

moderate 

illicit PS 

Opioid 

predominate/ 

modPS(illicit) High PS 

NA 0.97 1.99* 1.23 1.84* 1.70 1.81* 0.57 

ANTAG 1.18 0.86 1.36 0.93 2.34* 1.02 1.67* 

DISIN 1.34* 0.87 1.32 1.26 1.52 1.61* 3.73*                  

DETACH 0.86 0.69* 0.92 0.87 0.41* 0.78 0.95 

PSYCHO 0.78* 0.97 0.84 0.63* 0.70 0.70* 2.33* 
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Next, individual facet level traits that were hypothesized to predict the SU classes were 

considered. Facet level traits used in individual analyses were affective lability, anger, 

anhedonia, anxiousness, depressiveness, irresponsibility, mistrust, non-perseverance, non-

planfulness, norm violation, rigidity, and risk taking. Table 3 shows results of further analyses 

comparing classes to the little/no use class, along with the odds ratios for how facet level traits 

predict each of the substance use classes. Age and gender were adjusted in each regression. 

Results for age and gender are located in the appendix (see Table A2). Affective lability was 

related to higher likelihood of being in the benzodiazepine/low PS use class and stimulant 

predominate/moderate illicit PS use class with small effects. Affective lability was related to 

higher likelihood of being in the cocaine predominate/moderate illicit PS use class, opioid 

predominate/moderate illicit PS use class, and high PS class with moderate effect sizes. Anger 

was related to a higher likelihood of being in the stimulant predominate/moderate illicit PS use 

class, cocaine predominate/ moderate illicit SU class, the opioid predominate/moderate illicit SU 

class, each with small effect sizes, while anger was related to a higher likelihood of being in the 

higher PS use class with a moderate effect size. Anhedonia was related to a higher likelihood of 

being in the benzodiazepine/low PS use class, stimulant predominate/moderate illicit PS use 

class, cocaine predominate/ moderate illicit SU class, and opioid predominate/moderate illicit PS 

use class with small effect sizes. Anhedonia was related to a higher likelihood of being in the 

high PS use class which had a moderate effect size. Anxiousness shows a greater likelihood of 

being in the benzodiazepine/low PS use class, stimulant predominate/moderate illicit PS use 

class, opioid predominate/moderate illicit PS use class with small effect sizes, while anxiousness 

was related to a higher likelihood of being in the high PS class with a moderate effect size. 
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Table 3  

Odds Ratios for 12 facet-level traits of Affective Lability, Anger, Anhedonia, Anxiousness, Depressiveness, Irresponsibility, Mistrust, 

Non-perseverence, Non-planfulness, Norm Violation, Rigidity, and Risk Taking Predicting Classes 

 

Nicotine 

predominate/ 

licit PS 

Benzodiazepine 

predominate/ 

low PS(all) 

Hallucinogen 

predominate/ 

Low illicit PS 

Stimulant 

predominate/ 

moderate 

illicit PS 

Cocaine 

predominate/ 

moderate 

illicit PS 

Opioid 

predominate/ 

modPS(illicit) High PS 

AFFLAB 0.98 1.47 * 1.45 1.75* 2.55* 2.55* 2.7* 

ANG 0.98 1.31 1.37 1.56* 1.94* 1.54* 3.03* 

ANHED 0.98 1.51 * 1.15 1.7* 1.61 * 1.65* 2.51* 

ANX 0.98 1.78* 1.36 1.53* 1.36 1.61* 1.97* 

DEP 0.98 1.48* 1.21 1.68* 1.48* 1.67* 1.86* 

IRRES 1.08 1.19 1.24 1.29 1.99* 1.58* 4.44* 

MISTR 1.11 1.25 1.52* 1.35 1.63* 1.57* 2.5* 

NONPER 0.97 1.17 1.47 1.51* 1.91*  1.39* 2.57* 

NOPLAN 1.3 1.31 1.65* 1.37 2.38* 1.77* 5.28* 

NORMV 1.7* 1.38* 3.39 * 1.58* 4.17* 3.67* 5.07* 

RIGID 1.03 1.1 1.62* 1.15 2.45* 1.15 4.31* 

RISK 1.18 1.07 1.84 * 1.26 2.38* 2.15* 5.16* 

 

Table 3 

Note: AFFLAB = Affective Lability, ANG = Anger, ANHED = Anhedonia, ANX = Anxiousness, DEP = Depressiveness, IRRES = 

Irresponsibility, MISTR = Mistrust, NONPER = Non-Perseverance, NOPLAN = Non-Planfulness, NORMV = Norm Violation, 

RIGID = Rigidity, RISK = Risk Taking.  * =  Indicates significance of p< .05. 
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Depressiveness was related to a higher likelihood of being in the benzodiazepine/low PS use 

class, stimulant predominate/moderate illicit PS use class, cocaine predominate/ moderate illicit 

SU class, opioid predominate/moderate illicit PS use class, and high PS use class. Effects were 

small. Irresponsibility was found to show a greater chance of being in the cocaine predominate/ 

moderate illicit SU class with a moderate effect.  Irresponsibility was also related to a higher 

likelihood of being in the opioid predominate/moderate illicit PS use class with small effect size, 

and in the high PS use classes, with a large effect size.  Mistrust was related to a greater 

likelihood of being in the hallucinogen predominate/low illicit PS use class, cocaine 

predominate/ moderate illicit SU class, opioid predominate/moderate illicit PS use class where 

effects were small, and high PS class with a moderate effect. Non-perseverance was shown to be 

related to a higher likelihood of being in the stimulant predominate/moderate illicit PS use class, 

cocaine predominate/ moderate illicit SU class with small effects, and in the high PS use class, 

with a moderate effect size. Non-planfulness was related to a higher likelihood of being in the 

nicotine predominate class with effects below Cohen’s lower bound for a small effect. Non-

planfulness was related to a higher likelihood of being in the hallucinogen predominate/low 

illicit PS use class and opioid predominate/moderate illicit PS use class with small effects, while 

the cocaine predominate/ moderate illicit SU class with moderate effects, and the high PS use 

class with a large effect size. Norm violation was related to a higher likelihood of being in all of 

the classes, with effect sizes ranging from small to large: the benzodiazepine/low PS use class 

was below the lower bound for Cohen’s small effect size, while the nicotine predominate class 

and the stimulant predominate/moderate illicit PS use class had small effects, the hallucinogen 

predominate/low illicit PS use class and the opioid predominate/moderate illicit PS use class had 

moderate effect sizes and the cocaine predominate/ moderate illicit SU class and high PS use 
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class had large effect sizes. Rigidity was related to higher likelihood of being in the hallucinogen 

predominate/low illicit PS use class with small effects; the cocaine predominate/ moderate illicit 

SU class with a moderate effect; and high PS use class with large effect sizes. Finally, risk taking 

was related to a greater likelihood of being in the nicotine predominate class with effects below 

Cohen’s bound for a small effect size; the hallucinogen predominate/low illicit PS use class with 

a small effect size; the cocaine predominate/ moderate illicit SU class and opioid 

predominate/moderate illicit PS use classes with moderate effect size; and the high PS use class 

with a large effect size.  
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Chapter 3 

Discussion  

Many studies have considered the role personality plays in substance use and some 

research has even considered multiple drugs at once, but little research has considered patterns of 

substance while assessing many of the more and less commonly used substances. While a few 

studies have analyzed patterns of substance use using latent class analysis, these studies did not 

assess how traits predict patterns of substance use. To address these gaps in the literature, latent 

class analyses was used to assess patterns of SU (caffeine, nicotine, alcohol, cannabis, 

hallucinogens, benzodiazepine, cocaine, methamphetamine, and opioids) and explore how 

pathological personality traits predict patterns of use. Results suggested that PS use was 

common, with variations in primary substance of choice among classes and greater variability 

found in the rarer used, illicit substances. The findings were aligned with hypotheses that there 

would be groups of licit and illicit substance using classes, as well as more PS use in classes with 

illicit or “illegal” substance use. Results indicated that each higher order domain of personality 

had an effect on the SU classes with some being protective and some increasing risk. At the facet 

level, as severity in the amount of PS use and use of illicit drugs increased, personality had more 

effects and effects were larger. In fact, all facet level traits of interest were related to a greater 

likelihood of being a part of the high PS use class. Each of these points will be discussed in turn. 

Patterns of SU in the Latent Class Analysis 

Like previous work by Agrawal et, al (2007) and Quek et. al (2013), our study observed a 

little to no use class, a high PS use class, and a variety of classes in between. This study 

considered quantity and frequency of SU opposed to previous diagnoses of a  SUD or 

dichotomous (yes/no) responses to substance use. Other differences in this study were that there 
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were more classes extracted than in previous research and there was a predominate substance in 

each of the classes, with the exception of the high PS use class and the little/no use class. There 

was not as much class differentiation in the use of licit substances across classes, with the 

cigarette predominate class being the one class with only licit PS use. This is somewhat in accord 

with results of Quek et al. (2013) that found a class with primarily licit SU and supports one 

hypothesis of this study that there would be a class inclusive of licit or more socially accepted 

substances. However, licit SU did cut across all classes in this study, which was expected among 

substance users. Some interesting differences found were when considering the less commonly 

used substances. For instance, there was greater variability in use of illicit substances when 

considering the classes with predominate hallucinogen, benzodiazepine, opioid, cocaine, and 

simulant use.  

It is important to consider how those groups varied in PS use. As expected, the opioid, 

benzodiazepines, hallucinogen, cocaine, and stimulant predominate use classes were high on the 

use of other substances supporting the notion that frequent use of less frequently used illicit 

substances involves very high PS use across licit and illicit substances (Agrawal, et al., 2007).  

There are many plausible explanations for these patterns. Perhaps the high rates of co-use can be 

explained by considering synergistic effects such as “enhancing” the effects of other substances. 

In other cases, they may be used to offset the negative aspects of certain drugs (Connor, et al., 

2014). As an example, opioid users report using cocaine or other stimulants to experience a 

greater effect or in other cases to combat effects that were undesirable (Trujillo, Smith, & 

Guaderrama, 2011). In the case of opioids with stimulants, the stimulant or cocaine counteracted 

the sedative effects of the opioid, which in some instances was used to decrease anxiety or 

irritability from stimulant use (Trujillo, Smith, & Guaderrama, 2011). Another consideration is 
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the positive and negative reinforcement of these substances, which is also what gives them high 

abuse potential (Everitt & Robbins, 2005; de Wit & Phan, 2010; Koob, 2013). Although 

substances have different specific processes that work in the brain, there are general neural 

mechanisms such as activation of the mesocorticolimbic dopamine system, which has been 

linked to addiction (Koob & LeMoal, 2008; Volkow, Fowler, & Wang, 2003; Volkow, 

Michaelides, & Baler, 2019). Many substances, with the exception of some hallucinogens, have 

high potential for abuse or even dependence due to the changes in the brain that occur with 

heavier levels of use, which can possibly explain the high PS use (Koob & LeMoal, 2008; 

Volkow, Michaelides,& Baler, 2019).  

Higher Order Traits and Patterns of Substance use 

Disinhibition (DeWitt, 2009), negative affect (Cheetam et. al, 2010), and antagonism 

(Sutin, Evans, & Zonderman, 2013) were related to more severe substance use, which supports 

previous findings (Cloninger, 1988; Gullo, et al., 2014; McCormick, et al., 1998). Disinhibition 

and negative affect were predictive of many of the classes which reported PS, which was 

expected given a large literature. Disinhibition and impulsivity are higher among substance users 

compared to non-substance using individuals or healthy controls (DeWitt, 2009; Sher & Trull, 

1994). Negative affect has also been shown to be related to risky SU as well as the maintenance 

of use, which could be explained by considering negative affective states and coping skills of the 

individual (Cheetham, Allen, Yücel, & Lubman, 2010; Stasiewicz & Maisto, 1993). As Hogarth 

(2020) points out, both animal and human studies show that goal driven drug use and 

expectations of substance effects are shown to be related to negative affective states. Hogarth 

(2020) showed that both humans and animals worked toward the goal of obtaining and using a 

substance or substances with the expectation that the drug will eliminate the negative affective 
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state being experienced. Antagonism was predictive of the high PS use and cocaine using 

classes, which can be related to risk taking and norm violation of users of illicit substances and 

supports previous findings of illicit substance using individuals being low on agreeableness and 

conscientiousness (Sutin, Evans, & Zonderman, 2013). Interestingly, the hallucinogen 

predominate class was not different than the least severe substance use class. One explanation of 

this finding is that most hallucinogens have not shown any physiological or psychological 

dependence syndrome (Koob & Volkow, 2010; Volkow, Michaelides, & Baler, 2019). The high 

PS use class was higher on psychoticism than the little/no use class, which was expected given 

the high PS use. The nicotine predominate class, opioid predominate class, and stimulant 

predominate classes were lower in psychoticism when compared to the low/no use class, but the 

effects were small. It could be speculated that those in the little/no use class are potentially 

exhibiting schizotypy or schizotypichal traits and experience unusual beliefs and unusual 

experiences. The non-social aspects could be protective against substance use and could explain 

the small effect size of psychoticism in the little/no use class. Detachment was lower in the 

benzodiazepine predominate and cocaine predominate use class when compared to the little/no 

use class. Detachment is not only the tendency to be more distant and reserved or introverted, but 

also related to difficulties with experience and expression of feelings (CAT-PD SF with Validity 

Scales; Wright & Simms, 2014). As such, this could be due to the effects of the substance, which 

causes less social withdrawal. Boys, Marsden, & Strang (2001) found that for cocaine users, the 

use of cocaine can make users feel more confident by decreasing inhibition and enjoy company 

when using cocaine, which in turn could explain less detachment by facilitating more social 

interaction. Benzodiazepines are often used to treat anxiety and can be useful in managing 

anxiety symptoms or taking them away altogether (Guina & Merrill, 2018). Given the behavioral 
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disinhibition that benzodiazepines can cause, it may actually cause individuals to be less 

detached and more likely to engage in extroverted behaviors. Another explanation could be that 

the participants who endorse using those substances are more extroverted than the little/no use 

class, which may or may not be a result of the particular substance’s affects (Crego et al., 2015; 

Samuel et al., 2012). Also, important to note is the reciprocal nature of personality and SU. 

Research has suggested both that traits are risk factors as well as results of substance use and that 

there is also a reciprocal relationship between traits and substance use (Stein, Newcomb, & 

Bentler, 1987; Turiano, et al., 2012).   

Facet Level Traits and Patterns of Substance Use 

The hypothesis that the licit SU classes would only be likely to have the trait of 

anxiousness compared to the illicit using classes, was not supported by the data. Although it was 

believed that anxiousness could be a protective factor against illicit SU as it is similar to harm 

avoidance (Milivojevic, et al., 2012), the results did not suggest a difference. On the contrary, the 

high PS use class, along with opioid predominant, benzodiazepine predominate, and stimulant 

predominate classes were instead higher than the little/no use class on anxiousness. Although it 

was thought to potentially be a protective factor against SU, it may in some instances be 

motivation for using substances in an effort to alleviate anxiousness. This can also be explained 

by considering that particular substances, used frequently enough may cause dependence, which 

can also drive stress, anxiety or fear of experiencing withdrawal syndrome (Hogarth, 2020; Koob 

& Le Moal, 2008; Koob & Volkow, 2010). Another consideration is that causation is difficult to 

establish between substance use and personality traits.  

Another interesting finding was that the only trait that the tobacco predominate/low licit 

SU class was more likely to have compared to little/no use class was norm violation. Perhaps the 
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norm violation in the nicotine predominate/low licit PS use class is the only predictive trait when 

compared to the little/no use class because nicotine use could be considered deviant relative to 

no use.  This may be due to the negative views society has adopted about tobacco smoking and 

the realization of its harmful effects (Abrams, et al., 2018). Those in the nicotine 

predominate/low licit PS use class do not endorse using other substances that are illicit. 

Results supported the hypothesis that more severe levels of PS use and illicit SU would 

yield higher likelihood of pathological personality traits, as found in previous literature (Wu, et 

al., 2011; Conway et al., 2002; Conway et al., 2003). When considering affective lability, 

anhedonia, depressiveness, and norm violation, the moderate to high PS use classes were all 

more likely than the little/no use class or low PS use classes to be predicted by those traits. The 

high PS use class was more likely than the little/no use class to endorse all of the facet level 

traits consistent with previous research and hypotheses (McCormick et al., 1998). This could be 

due to high comorbidity of anxiety, depression, and other mental health disorders with SU and 

SUD (Lai, et al., 2015). Although the current study did not assess for or confirm SUD among 

participants or if there are other mental illnesses present, there was reported SU which could very 

well cause more pronounced pathological traits than non-using participants. More specifically, 

comorbidity of personality disorders is often higher in those with SUDs than the general 

population (Parmar &  Kaloiya, 2018). The opioid predominate/ moderate illicit PS use class had 

higher endorsements of pathological traits with the exception of  rigidity. Similarly, the cocaine 

predominate/moderate illicit PS use class was also predicted by all hypothesized facet level traits 

except anxiousness. Another surprising result was that in direct opposition to prior research 

(Conway et al., 2002; Conway et al., 2003; Ersche, et al., 2010; Ersche, et al., 2012; Ersche, et 

al., 2013), risk taking was not predictive of the stimulant predominate/moderate illicit PS use 
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class. Once again, this could be explained by considering there have been varying results when it 

comes to PS use, as it could be due to another substance or the combination or mixture of many 

substances being used (Conway et al., 2002; Conway et al., 2003). Affective lability, anger, 

anhedonia, anxiousness, depressiveness, non-perseverance, and norm violation was related to a 

higher likelihood of being in the stimulant predominate/moderate illicit PS class. Interestingly, 

those facet level traits are part of the higher order domain of negative affect, with the exception 

being norm violation, which loads onto antagonism and disinhibition. This could potentially be 

due to effects of stimulant use as well as considering some of the withdrawal symptoms from 

stimulants that include anhedonia, anxiousness, and depressiveness (Weaver & Schnoll, 1999). 

Perhaps similar to cocaine and other SU, stimulant predominate users are using stimulants for 

negative reinforcement in an attempt to remove experiences due to the traits of anhedonia, 

anxiousness, and depressiveness (May, Aupperle, & Stewart, 2020). A possible explanation for 

affective lability being more likely in the stimulant predominate class could be that use of 

stimulants or multiple substances together can trigger emotional and mood dysregulation (Darke, 

et al., 2008).  Non-perseverance could be either a result of or a reason an individual is using 

stimulants considering stimulants can increase perseverance. For instance, it has been found that 

stimulant use by college students are usually for purposes of concentration, alertness, and 

memorization (Smith & Farah, 2011). Many times, college students report using stimulants to 

study or memorize material due to procrastination, low self-efficacy, or motivational factors 

(Sattler, et al., 2014; Looby, Beyer, & Zimmerman, 2015). Although the current study has a 

broader range than college students, the explanation of non-perseverance still applies since 

stimulants can improve perseverance for anyone among the broader population using stimulants. 

Also, when considering the norm violation of the stimulant predominate class, that finding is 
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aligned with results suggesting individuals who use illicit substances are more likely to go 

against societal norms, which is also applicable when considering other illicit substances (Galea, 

Nandi, & Vlahov, 2004). 

Limitations 

A main limitation of this study was using an online platform as a recruitment and data 

collecting tool. Although data collected online is often a more efficient method, it does pose risks 

of possible bots or software designed to complete surveys solely to collect financial gain, which 

can be a detriment to good data collection. However, there were preventative measures used to 

mitigate that risk. Second, all constructs in the present study were self-report, in which 

participant’s responses can be biased (Choi & Pak, 2005; Van de Mortel, 2008). Although there 

are advantages when collecting data through self-report, there can be response bias from 

participants which could cause the data to be inaccurate and affect the results. There is also 

potential that participants may interpret questions differently than they are intended to be 

understood.  

Another important limitation to consider is that the design of the study was cross-

sectional and not longitudinal. Without data to indicate the duration of SU or what stage of use 

an individual is in, along with reassessing personality traits over time to ascertain if or how they 

may change, it becomes a challenge to differentiate whether these trait domains are the result of 

substance use or if they were perhaps risk factors leading to these specific patterns of use. 

Previous and current literature has shown support for both conclusions (Stein, Newcomb, & 

Bentler, 1987; Turiano, et al., 2012).  

A specific limitation which would be interesting for future research was that there was no 

separation or distinction between specific substances within drug categories. Most substance 



   

 

 

29 

categories asked which specific drug was used, once that category was endorsed (e.g. heroin, 

oxycontin, hydrocodone, etc.), but there was no further investigation regarding how specific 

substances may differ within drug categories. Although specific substances were included in 

their overall drug category, it is important to consider that some may have different effects than 

others. A major category included in this study that did not ask any further substance specific 

questions was hallucinogens, which are a diverse group of drugs that may have different effects 

on the brain. Also, some substances can be considered a part of other drug categories, which 

means they potentially belong to other substance categories as well. For instance, this can be 

seen when considering hallucinogens like MDMA, which has the properties of a stimulant with a 

behavioral profile of a hallucinogen (Gold, Koob, & Geyer,1988). Included in this study were 

hallucinogens, which are a diverse group of drugs that may have different effects on the brain. It 

is important to note that although these substances are all considered hallucinogens, they may 

have different trait effects, as well. Some examples would be comparing PCP, which is also a 

dissociative substance (Morris & Wallach, 2014); psilocybin, considered a classic psychedelic; 

and MDMA, which is more of an entactogen or a “touching within” that produces feelings of 

euphoria (Roseman, et al., 2014). The same point could be considered with other categories as 

well, such as stimulants, opioids, cannabis, and cocaine.  For this study, we considered the 

categories that the substances are grouped under, but for future research a separation of those 

substances may be necessary, so that those different associations with personality could 

potentially be parsed out. For instance, users of crack may be very different from users of 

cocaine, just as differences of intravenous heroin users may be observed compared to users of 

hydrocodone. This would also help to see similarities as well.  Future directions in research 

could potentially see differences when considering specific substances within drug categories. 
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Simple improvement or replication of the current study would be valuable in itself, especially if 

it was done longitudinally.  

Conclusion 

 

Results suggested that PS use was common, with variations in primary substance of use 

among classes. As expected, greater variability was observed in substances that are the least 

likely used and less variability in licit SU, since it is more common for those substances to be 

used among the general population. Also, severity of SU and greater PS use is predicted by more 

pathological traits. Although PS use poses the challenge of deciphering if and which traits are 

predicting specific SU or inferring if it is the result of the combinations of those substances, there 

is still valuable information observed in the data. Overall, this study has found that pathological 

personality traits are able to predict certain patterns of SU. It also shows that illicit PS use 

severity and range of use can be used in considering level of pathology. Some main findings 

were that more severe and varied PS use can be predicted by negative affect, disinhibition, and 

antagonism.   

This study adds to the field by advancing knowledge of how SU patterns are likely to 

cluster together within people as well as how facet level traits predict those classes of patterns. 

The current work also gives insight to novel information for better understanding the relationship 

between SU and personality traits.  This will hopefully inform prevention models and treatments 

of SU and SUDs by helping to understand certain traits that may be strengths or weaknesses of 

individuals. Future research on this topic could expand further by focusing on specific drug of 

choice by asking what the drug of choice is and then investigating how that is related to patterns 

of use, as well as how different personality traits may predict those preferred drugs. Another 

interesting direction would be to consider if and how traits predicted specific substance use 
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within drug categories, as well as exploring how different substances within drug categories may 

have different effects.  

 

 

 

 

 

 

 

 

  



   

 

 

32 

References 

Abrams, D. B., Glasser, A. M., Pearson, J. L., Villanti, A. C., Collins, L. K., & Niaura, R. S. 

 (2018). Harm minimization and tobacco control: reframing societal views of nicotine use  

to rapidly save lives. Annual review of public health, 39. 

Agrawal, A., Lynskey, M. T., Madden, P. A., Bucholz, K. K., & Heath, A. C. (2007). A latent 

 class analysis of illicit drug abuse/dependence: results from the National  

Epidemiological Survey on Alcohol and Related Conditions. Addiction, 102(1), 94-104. 

Allen, T. J., Moeller, F. G., Rhoades, H. M., & Cherek, D. R. (1998). Impulsivity and history of 

drug dependence. Drug and alcohol dependence, 50(2), 137-145. 

Ball, S. A., Carroll, K. M., & Rounsaville, B. J. (1994). Sensation seeking, substance abuse, and 

 psychopathology in treatment-seeking and community cocaine abusers. Journal of  

Consulting and Clinical Psychology, 62(5), 1053. 

Boys, A., Marsden, J., & Strang, J. (2001). Understanding reasons for drug use amongst young  

people: a functional perspective. Health education research, 16(4), 457-469. 

Calabrese, W. R., Rudick, M. M., Simms, L. J., & Clark, L. A. (2012). Development and  

validation of Big Four personality scales for the Schedule for Nonadaptive and Adaptive 

Personality—Second Edition (SNAP-2). Psychological assessment, 24(3), 751. 

Caspi, A., Begg, D., Dickson, N., Harrington, H., Langley, J., Moffitt, T. E., & Silva, P. A.  

(1997). Personality differences predict health-risk behaviors in young adulthood:  

evidence from a longitudinal study. Journal of personality and social psychology, 73(5), 

1052. 

Clark, L. A., & Vanderbleek, E. (2016). Schedule for nonadaptive and adaptive 

personality. Encyclopedia of Personality and Individual Differences, 1-4. 

Cheetham, A., Allen, N. B., Yücel, M., & Lubman, D. I. (2010). The role of affective  

dysregulation in drug addiction. Clinical psychology review, 30(6), 621-634. 

Choi, B. C., & Pak, A. W. (2005). Peer reviewed: a catalog of biases in questionnaires.  

Preventing chronic disease, 2(1). 

Clark, L. A., Simms, L. J., Wu, K. D., & Casillas, A. (2014). Schedule for Nonadaptive and  

Adaptive Personality—Second edition (SNAP-2). Minneapolis, MN: University of  

Minnesota Press.  

Cloninger, C. R. (1987). A systematic method for clinical description and classification of  

personality variants: A proposal. Archives of general psychiatry, 44(6), 573-588. 

Cloninger, C. R., Sigvardsson, S., & Bohman, M. (1988). Childhood personality predicts alcohol  

abuse in young adults. Alcoholism: clinical and experimental research, 12(4), 494-505. 

Cloninger, C. R., Svrakic, D. M., & Przybeck, T. R. (1993). A psychobiological model of 

temperament and character. The development of psychiatry and its complexity, 1-16. 

Cohen, L. J., Gertmenian‐King, E., Kunik, L., Weaver, C., London, E. D., & Galynker, I. (2005). 

Personality measures in former heroin users receiving methadone or in protracted abstinence 

from opiates. Acta Psychiatrica Scandinavica, 112(2), 149-158. 

Colder, C. R., & Chassin, L. (1997). Affectivity and impulsivity: Temperament risk for  

adolescent alcohol involvement. Psychology of Addictive Behaviors, 11(2), 83.  

Compton, W. M., Thomas, Y. F., Stinson, F. S., & Grant, B. F. (2007). Prevalence, correlates, 

 disability, and comorbidity of DSM-IV drug abuse and dependence in the United States: 

 results from the national epidemiologic survey on alcohol and related conditions. Archives  

of general psychiatry, 64(5), 566-576. 



   

 

 

33 

Connor, J. P., Gullo, M. J., White, A., & Kelly, A. B. (2014). Polysubstance use: diagnostic 

challenges, patterns of use and health. Current opinion in psychiatry, 27(4), 269-275. 

Conway, K. P., Swendsen, J. D., Rounsaville, B. J., & Merikangas, K. R. (2002). Personality,  

drug of choice, and comorbid psychopathology among substance abusers. Drug and  

alcohol dependence, 65(3), 225-234. 

Conway, K. P., Kane, R. J., Ball, S. A., Poling, J. C., & Rounsaville, B. J. (2003). Personality, 

substance of choice, and polysubstance involvement among substance dependent patients. Drug 

and alcohol dependence, 71(1), 65-75. 

Crego C, Samuel DB, Widiger TA. The FFOCI and other measures and models of OCPD.  

Assessment. 2015; 22:135–151. [PubMed: 24963102]  

Crego, C., & Widiger, T. A. (2016). Convergent and discriminant validity of alternative  

measures of maladaptive personality traits. Psychological Assessment, 28(12), 1561. 

Darke, S., Kaye, S., McKetin, R., & Duflou, J. (2008). Major physical and psychological harms 

 of methamphetamine use. Drug and alcohol review, 27(3), 253-262. 

Dawe, S., Gullo, M. J., & Loxton, N. J. (2004). Reward drive and rash impulsiveness as  

dimensions of impulsivity: implications for substance misuse. Addictive behaviors, 29(7), 

 1389-1405. 

De Wit, H. (2009). Impulsivity as a determinant and consequence of drug use: a review of 

underlying processes. Addiction biology, 14(1), 22-31. 

de Wit, H., & Phan, L. (2010). Positive reinforcement theories of drug use. 

Ersche, K. D., Turton, A. J., Pradhan, S., Bullmore, E. T., & Robbins, T. W. (2010). Drug  

addiction endophenotypes: impulsive versus sensation-seeking personality  

traits. Biological psychiatry, 68(8), 770-773. 

Ersche, K. D., Turton, A. J., Chamberlain, S. R., Müller, U., Bullmore, E. T., & Robbins, T. W. 

(2012). Cognitive dysfunction and anxious-impulsive personality traits are endophenotypes for 

drug dependence. American Journal of Psychiatry, 169(9), 926-936. 

Ersche, K. D., Jones, P. S., Williams, G. B., Smith, D. G., Bullmore, E. T., & Robbins, T. W. 

(2013). Distinctive personality traits and neural correlates associated with stimulant drug use 

versus familial risk of stimulant dependence. Biological psychiatry, 74(2), 137-144. 

Evren, C., & Bozkurt, M. (2016). Personality Dimensions, Impulsivity, and Heroin. 

In Neuropathology of Drug Addictions and Substance Misuse (pp. 974-982). Academic Press. 

Everitt, B. J., & Robbins, T. W. (2005). Neural systems of reinforcement for drug addiction:  

from actions to habits to compulsion. Nature neuroscience, 8(11), 1481-1489. 

Eysenck, H. J. (1997). Addiction, personality and motivation. Human Psychopharmacology: 

 Clinical and Experimental, 12(S2), S79-S87. 

Galea, S., Nandi, A., & Vlahov, D. (2004). The social epidemiology of substance 

 use. Epidemiologic reviews, 26(1), 36-52. 

Goodwin, R. D., Stayner, D. A., Chinman, M. J., Wu, P., Tebes, J. K., & Davidson, L. (2002).  

The relationship between anxiety and substance use disorders among individuals with  

severe affective disorders. Comprehensive psychiatry, 43(4), 245-252. 

Gold, L. H., Koob, G. F., & Geyer, M. A. (1988). Stimulant and hallucinogenic behavioral 

 profiles of 3, 4-methylenedioxymethamphetamine and N-ethyl-3, 4- 

methylenedioxyamphetamine in rats. Journal of Pharmacology and Experimental 

Therapeutics, 247(2), 547-555. 

 

Guina, J., & Merrill, B. (2018). Benzodiazepines I: upping the care on downers: the evidence of  



   

 

 

34 

risks, benefits and alternatives. Journal of clinical medicine, 7(2), 17. 

Gullo, M. J., Loxton, N. J., & Dawe, S. (2014). Impulsivity: Four ways five factors are not basic 

to addiction. Addictive Behaviors, 39(11), 1547-1556. 

Hogarth, L. (2020). Addiction is driven by excessive goal-directed drug choice under negative 

affect: Translational critique of habit and compulsion 

theory. Neuropsychopharmacology, 45(5), 720–735. 

Hopwood, C. J., Morey, L. C., Skodol, A. E., Sanislow, C. A., Grilo, C. M., Ansell, E. B., & 

Shea, M. T. (2011). Pathological personality traits among patients with absent, current, 

 and remitted substance use disorders. Addictive behaviors, 36(11), 1087-1090. 

Khantzian, E. J. (2003). The self-medication hypothesis revisited: The dually diagnosed 

 patient. Primary Psychiatry, 10(9), 47-54. 

Koob, G. F., & Le Moal, M. (2008). Addiction and the brain antireward system. Annu. Rev.  

Psychol., 59, 29-53. 

Koob, G. F., & Volkow, N. D. (2010). Neurocircuitry of  

addiction.  Neuropsychopharmacology, 35(1), 217-238. 

Koob, G. F. (2013). Negative reinforcement in drug addiction: the darkness within. Current  

opinion in neurobiology, 23(4), 559-563. 

Lai, H. M. X., Cleary, M., Sitharthan, T., & Hunt, G. E. (2015). Prevalence of comorbid  

substance use, anxiety and mood disorders in epidemiological surveys, 1990–2014: A 

systematic review and meta-analysis. Drug and alcohol dependence, 154, 1-13. 

Le Bon, O., Basiaux, P., Streel, E., Tecco, J., Hanak, C., Hansenne, M.,  & Dupont, S. (2004). 

Personality profile and drug of choice; a multivariate analysis using Cloninger’s TCI on heroin 

addicts, alcoholics, and a random population group. Drug and alcohol dependence, 73(2), 175-

182. 

Lo, Y., Mendell, N. R., & Rubin, D. B. (2001). Testing the number of components in a normal 

mixture. Biometrika, 88(3), 767-778. 

Longo, L. P., & Johnson, B. (2000). Addiction: Part I. Benzodiazepines-side effects, abuse risk  

and alternatives. American family physician, 61(7), 2121. 

Looby, A., Beyer, D. L., & Zimmerman, L. (2015). Non-medical prescription stimulant use:  

Investigating modifiable risk factors. Addiction Research & Theory, 23(2), 143-147. 

May, A. C., Aupperle, R. L., & Stewart, J. L. (2020). Dark times: The role of negative 

 reinforcement in methamphetamine addiction. Frontiers in psychiatry, 11. 

Melley, A. H., Oltmanns, T. F., & Turkheimer, E. (2002). The Schedule for Nonadaptive and 

Adaptive Personality (SNAP) Temporal stability and predictive validity of the diagnostic 

scales. Assessment, 9(2), 181-187. 

McCormick, R. A., Dowd, E. T., Quirk, S., & Zegarra, J. H. (1998). The relationship of NEO-PI 

performance to coping styles, patterns of use, and triggers for use among substance 

abusers. Addictive Behaviors, 23(4), 497-507. 

Milivojevic, D., Milovanovic, S. D., Jovanovic, M., Svrakic, D. M., Svrakic, N. M., Svrakic, S. 

M., & Cloninger, C. R. (2012). Temperament and character modify risk of drug addiction and 

influence choice of drugs. The American journal on addictions, 21(5), 462-467. 

Morris, H., & Wallach, J. (2014). From PCP to MXE: a comprehensive review of the non‐ 

medical use of dissociative drugs. Drug testing and analysis, 6(7-8), 614-632. 

Muthén, B. (2004). Latent variable analysis. The Sage handbook of quantitative methodology for 

 the social sciences, 345(368), 106-109. 



   

 

 

35 

NIDA. (2017, March 23). Health Consequences of Drug Misuse. Retrieved from 

https://www.drugabuse.gov/related-topics/health-consequences-drug-misuse on 2018, December 

18 

Nigg, J. T., Wong, M. M., Martel, M. M., Jester, J. M., Puttler, L. I., Glass, J. M., & Zucker,  

R. A. (2006). Poor response inhibition as a predictor of problem drinking and illicit drug  

use in adolescents at risk for alcoholism and other substance use disorders. Journal of the 

American Academy of Child & Adolescent Psychiatry, 45(4), 468-475. 

Parmar, A., & Kaloiya, G. (2018). Comorbidity of Personality Disorder among Substance Use  

Disorder Patients: A Narrative Review. Indian journal of psychological medicine, 40(6),  

517–527. https://doi.org/10.4103/IJPSYM.IJPSYM_164_18 

Quek, L. H., Chan, G. C., White, A., Connor, J. P., Baker, P., Saunders, J. B., & Kelly, A. B.  

(2013). Concurrent and simultaneous polydrug use: latent class analysis of an Australian  

nationally representative sample of young adults. Frontiers in public health, 1, 61. 

Robinson, S. M., Sobell, L. C., Sobell, M. B., & Leo, G. I. (2014). Reliability of the Timeline 

Followback for cocaine, cannabis, and cigarette use. Psychology of addictive behaviors, 28(1), 

154. 

Roseman, L., Leech, R., Feilding, A., Nutt, D. J., & Carhart-Harris, R. L. (2014). The effects of 

 psilocybin and MDMA on between-network resting state functional connectivity in  

healthy volunteers. Frontiers in human neuroscience, 8, 204. 

Samuel DB, Riddell ADB, Lynam DR, Miller JD, Widiger TA. A five factor measure of  

obsessive-compulsive personality traits. Journal of Personality Assessment. 2012;  

Sattler, S., Mehlkop, G., Graeff, P., & Sauer, C. (2014). Evaluating the drivers of and obstacles  

to the willingness to use cognitive enhancement drugs: the influence of drug  

characteristics, social environment, and personal characteristics. Substance Abuse  

Treatment, Prevention, and Policy, 9(1), 8.94:456–465. [PubMed: 22519829] 

Schneider Jr, R., Ottoni, G. L., Carvalho, H. W. D., Elisabetsky, E., & Lara, D. R. (2015). 

Temperament and character traits associated with the use of alcohol, cannabis, cocaine, 

benzodiazepines, and hallucinogens: evidence from a large Brazilian web 

 survey. Brazilian Journal of Psychiatry, 37(1), 31-39. 

Sher, K. J., & Trull, T. J. (1994). Personality and disinhibitory psychopathology: alcoholism and  

antisocial personality disorder. Journal of abnormal psychology, 103(1), 92. 

Simms, L. J., Goldberg, L. R., Roberts, J. E., Watson, D., Welte, J., & Rotterman, J. H. (2011).  

Computerized adaptive assessment of personality disorder: Introducing the CAT–PD  

project. Journal of personality assessment, 93(4), 380-389. 

Smith, G. W., Farrell, M., Bunting, B. P., Houston, J. E., & Shevlin, M. (2011). Patterns of  

polydrug use in Great Britain: Findings from a national household population  

survey. Drug and Alcohol Dependence, 113(2-3), 222-228. 

Smith, M. E., & Farah, M. J. (2011). Are prescription stimulants “smart pills”? The  

epidemiology and cognitive neuroscience of prescription stimulant use by normal healthy  

individuals. Psychological bulletin, 137(5), 717. 

Stasiewicz, P. R., & Maisto, S. A. (1993). Two-factor avoidance theory: The role of negative  

affect in the maintenance of substance use and substance use disorder. Behavior  

Therapy, 24(3), 337-356. 

Stein, J. A., Newcomb, M. D., & Bentler, P. M. (1987). Personality and drug use: Reciprocal  

effects across four years. Personality and Individual Differences, 8(3), 419-430. 



   

 

 

36 

Suh, J. J., Ruffins, S., Robins, C. E., Albanese, M. J., & Khantzian, E. J. (2008). Self-medication 

hypothesis: Connecting affective experience and drug choice. Psychoanalytic 

 psychology, 25(3), 518. 

Sutin, A. R., Evans, M. K., & Zonderman, A. B. (2013). Personality traits and illicit substances: 

 the moderating role of poverty. Drug and alcohol dependence, 131(3), 247–251.  

https://doi.org/10.1016/j.drugalcdep.2012.10.020 

Tarter, R. E. (2002). Etiology of adolescent substance abuse: A developmental 

perspective. American Journal on Addictions, 11(3), 171-191. 

Tarter, R. E., Kirisci, L., Mezzich, A., Cornelius, J. R., Pajer, K., Vanyukov, M., & Clark, D. 

(2003). Neurobehavioral disinhibition in childhood predicts early age at onset of  

substance use disorder. American Journal of Psychiatry, 160(6), 1078-1085. 

Trujillo, K. A., Smith, M. L., & Guaderrama, M. M. (2011). Powerful behavioral interactions  

between methamphetamine and morphine. Pharmacology Biochemistry and 

 Behavior, 99(3), 451-458. 

Turiano, N. A., Whiteman, S. D., Hampson, S. E., Roberts, B. W., & Mroczek, D. K. (2012).  

Personality and substance use in midlife: Conscientiousness as a moderator and the  

effects of trait change. Journal of research in personality, 46(3), 295-305. 

Van de Mortel, T. F. (2008). Faking it: social desirability response bias in self-report  

research. Australian Journal of Advanced Nursing, The, 25(4), 40. 

Vanderbleek, E., & Clark, L. A. (2017). Schedule for Nonadaptive and Adaptive Personality.  

Encyclopedia of Personality and Individual Differences, 1-4. 

Verheul, R. (2001). Co-morbidity of personality disorders in individuals with substance use 

disorders. European Psychiatry, 16(5), 274-282. 

Vermunt, J. K. (2010). Latent class modeling with covariates: Two improved three-step 

approaches. Political analysis, 18(4), 450-469. 

Volkow, N. D., Michaelides, M., & Baler, R. (2019). The neuroscience of drug reward and  

addiction. Physiological reviews, 99(4), 2115-2140. 

Volkow, N. D., Fowler, J. S., & Wang, G. J. (2003). The addicted human brain: insights from 

 imaging studies. The Journal of clinical investigation, 111(10), 1444-1451. 

Wang, H. Y., Wang, T. S., & Chen, Y. C. (2017). Diversities of behavioral traits and  

neuropsychological function in different substance addiction. Progress in Neuro- 

Psychopharmacology and Biological Psychiatry, 78, 82-87. 

Weaver, M. F., & Schnoll, S. H. (1999). Stimulants: Amphetamines and cocaine. Addictions: a  

comprehensive guidebook, 105-120. 

Widiger, T. A., & Smith, G. T. (1994). Substance use disorder: Abuse, dependence and 

dyscontrol. Addiction, 89(3), 267-282. 

Williams, T. F., Scalco, M. D., & Simms, L. J. (2018). The construct validity of general and 

specific dimensions of personality pathology. Psychological medicine, 48(5), 834-848. 

Wright, A. G., & Simms, L. J. (2014). On the structure of personality disorder traits: Conjoint  

analyses of the CAT-PD, PID-5, and NEO-PI-3 trait models. Personality Disorders: 

 Theory, Research, and Treatment, 5(1), 43. 

Wu, L. T., Woody, G. E., Yang, C., & Blazer, D. G. (2011). How do prescription opioid users 

 differ from users of heroin or other drugs in psychopathology: results from the National 

 Epidemiologic Survey on Alcohol and Related Conditions. Journal of addiction  

medicine, 5(1), 28. 



   

 

 

37 

Zaaijer, E. R., Bruijel, J., Blanken, P., Hendriks, V., Koeter, M. W., Kreek, M. J., & van den 

Brink, W. (2014). Personality as a risk factor for illicit opioid use and a protective factor for 

illicit opioid dependence. Drug and alcohol dependence, 145, 101-105. 



   

 

 

38 

Appendix 

 

Older age and male gender were related to higher likelihood of being in the nicotine predominate class. Older age was related to 

higher likelihood of being in the little/no use class as well as the benzodiazepine predominate class. Male gender was related to higher 

likelihood of being in the stimulant predominate, opioid predominate, and high PS use classes. 

 

Table A1 

Odds Ratios for Age and Gender for Classes on Domain Level Traits 

 

 

Nicotine 

predominate/ 

licit PS 

Benzodiazepine 

predominate/ 

low PS(all) 

Hallucinogen 

predominate/ 

Low illicit PS 

Stimulant 

predominate/ 

moderate 

illicit PS 

Cocaine 

predominate/ 

moderate 

illicit PS 

Opioid 

predominate/ 

modPS(illicit) High PS 

  Age *1.02 *1.03 1.04 1.01 1.02 1.02 1.01 

  Gender *1.42 1.43 1.01 *0.46 1.92 *0.42 *2.52 

 

Older age was related to higher likelihood of being in the nicotine predominate class and benzodiazepine predominate class for all 

facet level traits. Male gender was related to higher likelihood of being in the benzodiazepine predominate class for all facet level 

traits.  Male gender was related to a higher likelihood of being in the nicotine predominate class for the traits of  non-planfulness, 

norm violation, and risk taking. Older age was related to a higher likelihood of being in the hallucinogen predominate class for the 

facet level traits of anger, anhedonia, depressiveness, irresponsibility, mistrust, and rigidity. Male gender was related to a higher 

likelihood of being in the stimulant predominate class for the trait of anxiousness. Male gender was also related to a higher likelihood 

of being in the opioid predominate class for the facet level traits of affective lability, anger, anhedonia, anxiousness, depressiveness, 

mistrust, non-perseverance, and rigidity.  
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Table A2 

Odds Ratios for Age and Gender for Classes on Facet Level Traits 

 

 

Nicotine 

predominate/ 

licit PS 

Benzodiazepine 

predominate/ 

low PS(all) 

Hallucinogen 

predominate/ 

Low illicit 

PS 

Stimulant 

predominate/ 

moderate 

illicit PS 

Cocaine 

predominate/ 

moderate 

illicit PS 

Opioid 

predominate/ 

moderate 

PS(illicit) High PS 

AFFLAB               

  Age 1.02* 1.03* 0.96 1 1.01 1.02 0.99 

  Gender 1.24 1.98* 0.75 0.75 1.21 0.38* 0.8 

ANG               

  Age 1.02* 1.02* 0.96* 0.99 1 1.02 0.99 

  Gender 1.24 2.04* 0.77 0.5 1.34 0.39* 0.8 

ANHED               

  Age 1.02* 1.02* 0.96* 0.99 1 1.02 0.99 

  Gender 1.23 2.22* 0.81 0.57 1.56 0.44* 1.06 

ANX               

  Age 1.02* 1.03* 0.96 1 1 1.02 0.99 

  Gender 1.24 1.69* 0.7 0.45* 1.3 0.35* 0.71 

DEP               

  Age 1.02* 1.02* 0.96* 1 1 1.02 0.99 

  Gender 1.23 2.02* 0.78 0.5 1.4 0.39* 0.86 

IRRES               

  Age 1.02* 1.02* 0.96* 0.99 1 1.02 1 

  Gender 1.25 2.19* 0.84 0.56 1.71 0.46 1.25 

MISTR               

  Age 1.02* 1.02* 0.96* 0.99 1 1.02 0.99 

  Gender 1.23 2.11* 0.79 0.53 1.45 0.41* 0.89 

NONPER               

  Age 1.02* 1.02* 0.96 0.99 1 1.02 0.99 

  Gender 1.23 2.13* 0.81 0.54 1.51 0.42* 0.97 
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NOPLAN               

  Age 1.02* 1.02* 0.96 0.99 1.01 1.02 1 

  Gender 1.3* 2.23* 0.9 0.57 1.8 0.47 1.36 

NORMV               

  Age 1.02* 1.02* 0.96 0.99 1.01 1.03 1 

  Gender 1.46* 2.34* 1.21 0.62 2.42 0.66 1.65 

RIGID               

  Age 1.02* 1.02* 0.95* 0.99 0.96 1.01 0.98 

  Gender 1.24 2.16* 0.9 0.55 1.84 0.45* 1.38 

RISK               

  Age 1.02* 1.02* 0.96 0.99 1.01 1.03 1.01 

  Gender 1.31* 2.17* 1 0.58 2.04 0.56 1.66 

 

Note: AFFLAB = Affective Lability, ANG = Anger, ANHED = Anhedonia, ANX = Anxiousness, DEP = Depressiveness, IRRES = 

Irresponsibility, MISTR = Mistrust, NONPER = Non-Perseverance, NOPLAN = Non-Planfulness, NORMV = Norm Violation, 

RIGID = Rigidity, RISK = Risk Taking.  * =  Indicates significance.
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